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Research on the Classification of Handwriting Number

Based on Deep Learning

SONG Zhi-jian' , YU Rui’

(1.School of Computer science and technology, Chongging Jiaotong University, Chongqing 400074 ,
China; 2.School of transportation, Chongging Jiaotong University, Chongqing 400074, China)

Abstract; It is difficult to recognize handwriting number, because writing styles are different, context is free
and recognition requires high accuracy. According to the characteristics and requirements of handwriting number
recognition, this paper uses the Deep Learning algorithm for classification, based on the sample of training to
recognize the handwriting number.

At the same time, the experiment compared the classification effect with that of SVM algorithm and BP neural
network. The experimental results show that the Deep Learning of handwriting number in recognition has a higher
accuracy.
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