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A Kind of Outlier Detection Algorithm Based on Similarity Measurement

SUN Qi-lin, FANG Hong-bin, ZHANG Jian, LIU Ming-shu
(School of Mathematical Science , Anhui University , Hefei 230039 , China)

Abstract ; Outlier detection is an important content in data mining and is widely used in the field of credit card
fraud detection, network invasion detection and so on. According to hierarchical clustering and similarity , this paper
presents the concept of high dimensional data similarity measurement function and class density, based on class
density , the outlier of high dimensional data is redefined so that a kind of outlier detection algorithm based on
similarity measurement is proposed. Experiment shows that this algorithm has certain value on outlier detection in
high dimensional data.
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