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Abnormal Audio Recognition Algorithm Based on Improved MFCC

HE Ling-ling, ZHOU Yuan

(School of Computer Science and Information Engineering,

Chongqing Technology and Business University , Chongqing 400067 , China)

Abstract: In audio recognition system,the acquisition of characteristic parameters has important influence on
audio recognition and training. MFCC algorithm,as a typical audio characteristic parameter extraction method, has
stable performance and high recognition rate. According to the situation that MFCC algorithm has larger amount of
computation ,a kind of improved characteristic parameter extraction algorithm ,MFCC_E , was pointed out. Compared
with standard MFCC algorithm , MFCC_E algorithm reduced about 50% computation amount and was easily realized
on hardware. Experiment results show that the recognition rate of MFCC_E algorithm is approximately the same as
MFCC algorithm but the computation difficulty of MFCC_E is largely smaller than that of MFCC algorithm.
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