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Bayesian Estimation for Shape Parameter of Generalized Exponential Distribution

of Two Parameters under Symmetry Entropy Loss Function

WANG Qi' ,LI Wei’
(1. Zhongshan Institute , University of Electronic Science and Technology of China,
Guangdong Zhongshan 528402 , China;
2. College of Mathematics and Information Science,Jiangxi Normal University, Jiangxi Nanchang 330022 , China)

Abstract; Under symmetry entropy loss function,we discuss Bayesian estimation and admissibility estimation
for shape parameter of generalized exponential distribution of two parameters. The conditions for admissibility and
inadmissibility of estimation with the inverse linear form of (¢T +d) ~' are given.
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