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sets:
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endsets
data:
x= x2 x3 -+ xn; ! x A02) 22(3) - 2V (n);
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@ free( a) ; @ free( b) ;
min = @ sum( LAD: @ abs( x +a* z-0) /(1 +a™2) "0.5) ;

end
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0. 020 0. 020 0. 020 0. 020 0.021 14 5.72
0.023 0.022 18 0.022 16 0. 023 000 0.022 75 3.565 3. 652 0 5.82
0.017 0.023 93 0. 023 90 0. 024 578 0. 024 48 40. 765 40. 588 44. 575 43.99
0. 030 0. 025 82 0.025 79 0. 026 264 0. 026 63 13.933 14. 033 12. 454 11.22
0.032 0.027 85 0. 027 82 0. 028 065 0. 028 34 12. 969 13. 063 12. 296 11. 45
0.024 0. 030 55 0. 030 01 0. 029 990 0. 030 49 25. 208 25.042 24.958 27.04
0. 031 0.032 42 0. 032 37 0.032 047 0.032 81 4. 581 4.419 3.377 5.82
0. 035 0. 034 97 0.034 92 0. 032 245 0.035 30 0. 086 0. 288 2. 156 0. 85
0. 035 0.037 73 0. 037 67 0. 036 594 0. 037 98 7. 800 7.629 4. 554 8.51
0. 049 0.040 71 0. 040 63 0.039 104 0. 040 86 16.918 17. 082 20. 195 16. 61
0. 056 0.043 92 0.043 83 0. 041 786 0. 043 96 21.571 21.732 25. 381 21.49
0.034 0.047 38 0.047 28 0. 044 653 0. 047 30 39.353 39. 058 31.331 39.13
16. 977 16. 957 16. 479 16. 076
0. 045 0.0511 0.051 0 0.047 716 0.050 9 13. 556 13. 333 6. 035 13.10
0. 058 0.055 1 0.0550 0. 050 988 0.054 8 5. 000 5.172 12. 089 5.58
0. 052 0.059 5 0.059 4 0. 054 486 0.058 9 14. 423 14. 231 4,781 11.75
0. 050 0.064 2 0.064 0 0. 058 223 0. 063 40 28. 400 28. 000 16. 446 26.79
15. 345 15. 184 9. 838 14. 305
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An Optimized Grey GM(1 1) Model and Its Application

HE Xia LIU Wei-feng

( Department of Mathematics and Physics Zhengzhou Institute of Aeronautical Industry Management
Zhengzhou 450015 China)

Abstract: Based on the premise of optimized background value according to bad robustness of estimating
parameters of traditional grey GM( 1 1) model based on least square method this paper presents a new algorithm of
total least absolute deviation for estimating parameters of grey GM( 1 1) model with optimization of initial value
and an optimized grey GM( 1 1) model is put forward based on simultaneous optimization of background value
initial condition and model parameters. Lastly a calculation example illustrates the feasibility and validity of the
optimized grey GM( 1 1) model.

Key words: grey GM( 1 1) model; estimating parameters; total least absolute deviation; background value;
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