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Fig.3 Parameter variation curve in DRL training
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Fig. 4 TImages of campus scene lane lines

AT VI G, WP 2 A A 3o 1 e 22 o) 248 Ak 0 5
BRI R R A ey, S T S |
PEAR W L DL BEOK, 15 B A5 R 2 8O E R TR

96. 33 R BHME 0. 054 1,1RFAYE 0. 018 3, SLa 4t i
SHERAR A A% B Y AR LR A I 25 SR A A 5
iR,

Bs5 RESHRFEXZRUER

Fig.5 Detection results of campus scene lane lines
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Research on Local Positioning Detection Method of Lane

Lines in Park Scenes

LIU Dan-ping, WANG Jun, GE Wen-xiang

(School of Advanced Manufacturing Engineering, Hefei University, Hefei 230000, China)

Abstract :In the campus driving scene, this paper proposes a general lane line detection algorithm with better

comprehensive performance, that is, a local positioning detection method. First, a combination of classical graphics

and a learning model based on a noise—tolerant recurrent neural network is used to complete the detection of the

local area where the lane line is located, perform Hough transform and gray stretching on the grayscale image of the

target lane line, design a recurrent neural network learning model, use the gradient data as a guide to train the

algorithm model to learn in order to exclude distractors with similar gradient information and identify geometric

attributes related of incomplete lane line morphology, and then complete the complementary work, apply sparse

penalties, design recursive learning models with noise tolerance,, and maximize the efficiency of using the self—built

lane line image dataset with contaminated data annotation. Based on this, a deep reinforcement learning method is

used to accurately locate the target lane line through six identification points, and based on the six accurate

positioning points, the lane line is detected and drawn.

Key words:lane line detection; recursive neural networks; deep reinforcement learning, autonomous driving

5| AZR 32/ Cite this paper:
XUPHAE, TR, 55 SCHE. T bl DX 377 57 ) 42 38 4 Jmy 8 5 LA I 5 i 0. (0], B R TR R 224 4l ( ALAR B2 R , 2022,
39(4) :19—25.

RIE4EE: T

LIU Dan-ping, WANG Jun, GE Wen-xiang. Research on local positioning detection method of lane lnes in park scenes[J].
Journal of Chongqing Technology and Business University ( Natural Science Edition) ,2022,39(4) :19—25.



