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Fig. 1 The structure of LSTM
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Table 1 The setting of model parameters
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Table 2 The comparison of the results of different models

EiE T & RMSE LIEZRAR RMSE
MLP 24.07 21.10
RNN 17. 89 15.03
LSTM 13.61 12.26
AM-LSTM 13.18 11.43

A ER 3 4 ®)E
EIES 0.01
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Table 3 The relative errors of different models

tiET /%  EAERER/ %

AM-LSTM #8# MLP 45.24 45.83
AM-LSTM #84 RNN 26.33 23.95
AM-LSTM #82 LSTM 3.16 6.77
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Fig.4 The comparision of Shanghai Stock Industry Index
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Fig. 5 The comparision of Shanghai Environmental
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Attention-mechanism-based LSTM Model for Stock Price Predicting

LIN Xin, ZHU Xiao-dong
(Business School, University of Shanghai for Science and Technology, Shanghai 200093, China)

Abstract; Time series analysis methods and neural networks have certain limitations for stock price
prediction. Therefore, Attention mechanism was introduced into the LSTM model to predict the stock price. The
related data of Shanghai Stock Industry Index and Shanghai Environmental Protection Index from January 2, 2014 to
September 22, 2020 was collected as samples, and based on these samples, the LSTM combined with Attention
mechanism was used to focus on important stock price characteristic information and predict the highest stock price
of the second day. The empirical results found that compared with MLP , RNN and LSTM models, the RMSE value
of the LSTM model combined with the Attention mechanism was lower than the benchmark model by about 3%-45%
on average. The four models all had higher prediction accuracy for environmental protection companies than
polluting companies. Subsequently, the air quality index, temperature and humidity were included into the
characteristics to improve the quality of the data that reflects the characteristics of polluting companies and
environmental protection companies. The empirical results found that after adding new features, the RMSE values
of the four models all dropped by about 1% when predicting the fluctuating trend of the Shanghai Industrial Index

and the Shanghai Environmental Protection Index.
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