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Short-term Wind Power Forecasting Based on Improved Wavelet Packet Algorithm

LI Ling-chun, GAO Lai-xin, WANG Xian-bing
(School of Mechanical and Electronic Engineering, Chuzhou University, Chuzhou,239000 China)

Abstract ; Wind power prediction is crucial for wind power plan to plan power dispatch and maintenance. This
paper decomposes wind power sequence a series of frequency subsequences, making use of the capability of the
improved wavelet packet on processing mixing information, then forecasts each subsequence by the combination
model of genetic algorithm neural network, and finally get the forecasting outputs by reconstructing the forecasting
results with wavelet packet algorithm. A wind power plant in Anhui is chosen to validate the feasibility of the
proposed model. The simulation results indicate that this combination algorithm achieves good forecasting effect.

Key words :wind power; improved wavelet packet; combination forecasting; GA ( genetic algorithm)



