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HE 4% E . TP374 eema
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SEAS AL [P R 5 B A — S W25, 3 — 250 2 — R AN AR i B e, BLAE— A AR E 2 A~ A AR e I
PeB)—2& 1o e A LA T RS — 28 B 32 BF 8 B9 [l L, 60 435 35 44 WO TR 17 7 18] ( Traveling Saleman
Problem, TSP) =4t 4 K4 ] & ( Vehicle Routing Problem , VRP) | S5 B 2K Be i KDt it B S 6 i oz i
AT WP ECIA AL A . AR R 38 B A FAR (A f /M) EAT Ak, 1758 PR AR 16 R 26
R R — AN S 2B 22 F PR )R, Aff e PR Y S0 H AR B AR 0 AL B AN RETG 2 S Pt oK, REFR LAY 5 SR AT PR 1Y,
2 FUbR I L LA TR R S 4 ) Wt A B S, LA T B A BRI (B AN S B S AWl R T e e Il 225
WA B4 A Ji 2R IR A 5 T S HARB AR AL B T , 22 F AR A B A D0 AL IE 5 312 0 A T 5 A8 AR
TEMEXT 22 FAR A AL R A S0 0647 T 2838 O B T PSS

2 BMEXEZD BRG] A

— RO, 2 BERUALIRDEE A2 HAR Z B2 27 & (9, — A5 H AR A S A ] BE 251k ) — 4~k
T3IUAT BARBPEREREAR , RO [R] 6 224> H AR — ik 2 fe 0 (R AN nTRERY , 17 L REAE & AT FP A BEAT B
JEFIT AR B S FARARR AT REML A B e i Al . 2 A AR AR IR BB A7 A ME— B9 42 Jm B DL e, i 2 9
A R T B R | BT ATESR i B2 4R — AN 28, SRR i B =20kt (1) Ak B
SR R AR A A AR R B — TR R R IR SR B B R R e i 5 (2) 2BV, AN YR AR
Z AR S , iR A 34 -5 DB R T I 7 22 80K R 2 5 (3) AUk, HEE B 2K Ay B9 H A e

W #E B #2011 - 08 - 21;#&[E B H3:2011 - 09 -27.
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B, Wt L SR L — N AUEL, SR 5 SR AN, B Ak g B E AR ) RELHEAToR e o T 3k 2 32 B i B ok S A

R SCHR A 2 W < 22 F B B e ML 1) a8t ) BE 5 T 0 T2 800 S PR, RIDRS B S5 AR U0k
TREFEE (AN Sh 23 RO A 807 LRI T5 3% ) ME LU D R MU A 52 2 22 L B s 2 LRI TR AL )3 4 5
R aviRr= i ARR AN 22 S U T s SUVA SRl SE 28 A
2.1 BEEHMIE

HHOA (integer programming ) FHE 0 HI T MU BRAY 2 H AR LR )8 1 A SRS R 1 58 0
e IR A RF 1, PR 3 1 0 7 A R BOIL AR, B T Matlab | Lingo SEEC# 8 HEAT 5K AR, 7T LU B4 45
BRI ST L AL A — B E i . Alexander Stepanov 45 A ZE BT HUH R 1151 P 1 FH R BORL I 8470k
fit. HU ZhiHua"* £ % 422054 22 3UBGE B2 RB B9 M 45, 32 T 22 HARIR BV M0 e TR 4 6 5 A {1 17 e
M ER AR, K 24> BARIEAT R G LA BAR , $5J5 8 3 A5 GE W PR A R A T SR S BN 8] B2 A e /M o
2.2 BEMANEE

A MK 5% ( Dynamic programming ) i F T fif DA 6 0] 43+ 4y 55 52 - [] # ( overlapping subproblems )
It BA Fe L7454 (optimal substructure ) {1 [5)7#80 , 38 5 o H A% 58 5505 15 29 58 2 ), gh 28 00 R0 50
KALLT WA =0: (1) AT R R )8R 23 S o 1 5 ) L, SR g ok 26 1~ [a) B30 O A7 405 2R DL i 52 3
BTSN MBS GE—E . (2) B R b, Jed7 KM T A ] 68 FH 2 Y R 3L, SR 5 ] HC A 3 B
K [R]85 1) i o

Konstantinos N 45 &1t 42 F AR i 26 9K 11, 465 1m0 43 it Ay — R 91 B 42 1 I O, 308 e 5 2 00 0 50 1
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optimization ) MY FEE % (ant colony algorithm ) | STAEFEH] H & 1 18 R B 1 ( Greedy Randomized Adaptive Search
Procedure) &5, X SE77 AW 51 AR 2 HARBEEIRI BIEHETE b, F 805 T —E TRt .
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2.4.1 @tEH®
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KL RS V5 (Particle Swarm Optimization ) FIEL S EEARRL, W2 MBEHLAE 4, 8 i A T4k etk , (5
TERRI) b L 35 A S0 1T B, AN S A3 S 8 S8 e T ok 3 Y T e DI R 4R B 42 Jry e O e o KL 1
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2.4.5 wAEMAAE R ELE

BB BB F 35 V48 2.7 ( Greedy Randomized Adaptive Search Procedure, GRASP) J&—F #7119 70 & =X
S, AL SO R L IR I R LD AR BRI R 4 D51, B FEO 25 APV, GRASP & —4
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memetic B9k , 28 W UE WX EIA A RO G T ASE R,
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Review of the Algorithms of Multi-objective Routing Programming Problems

PAN Bin-bin

(School of Management, Chongqing Jiaotong University , Chongqing 400074 , China)

Abstract ; Single-objective routing optimization model is difficult to simulate complex and changeable situation
in real life , however, multi-objective routing optimization is more close to reality, has more guiding significance to
solving practical problems,is a hot topic in the research of computer science and logistics science and produces a lot
of products. In order to overall summarize the research status quo of multi-objective routing optimization algorithms,
this paper reviews the application of multi-objective routing optimization algorithms in different backgrounds at home
and abroad and its progress, makes corresponding classification according to composing methods of the algorithms,
makes summarization ,analyzes the existed problems and proposes the direction for further research.

Key words ; multi-objective ; routing optimization ; NP problem ;exact algorithm ; heuristic algorithm
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A Monitoring Method for SQL Server Security Based on C#

CHEN Jian-hua

( Department of Computer, Guangdong Songshan Vocational College , Guangdong Shaoguan 512126, China)

Abstract;In order to protect the security of SQL database server, this paper proposes a kind of monitoring
method for SQL server security based on C# to realize dynamic monitoring on SQL. SERVER database server and to
find out the security status of SQL database server through monitoring the change of SQL database server on time,
analyzes the reasons for the change and takes measures in time so that the security of SQL database server is
protected. A new idea on how to protect the security of database is pointed out by using programs to realize the
monitoring and management on database , which is a kind of complement and expanding for security management and
security protection of database service and which is of important significance in real work.

Key words: SQL server;database access control ; data-table monitoring
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