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Near Infrared Spectroscopy Measurement of Moisture Content

in Turbine Oil Using Relevance Vector Machines

HOU Ming-ming, YU Qi-bing, JIAO Zhao-jie, LI Chuan

( Engineering Research Center for Waste Oil Recovery Technology and Equipment of Ministry of Education,

Chongqing Technology and Business University , Chongqing 400067, China)

Abstract; There are evident limitations in traditional measurement of moisture content in oils, such as
poisonous reagents , complicated operations , time-consuming , susceptible to environmental interferences and unable
on-line quick measurement. A fast determination of the moisture content in turbine oil by near infrared spectroscopy
has been introduced in this paper. The relevance vector machine was employed to model the spectral data. The
Maximum Absolute Error and the Root Mean Square Error of the experimental results are respectively 20.99 x 107
(V/V)and 11. 11 x 107° (V/V). The results indicate that the proposed model features good prediction
performance and thus plays an important role in fast measurement of moisture content in turbine oil.
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