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Focused_Crawler( HMM, 3§ ,n)
urlQueue; = {seed URLs/ ;
while (not(termination) ) do
p,: =dequeue head of urlQueue;
Extract from p, its URL, parent cluster ¢, _, ,and
a(j,t —1) for all possible states j;
Download content of p, ;
Parse and classify page p, to cluster ¢, ;
If cos(p,,T arg etSet) > &, Then store p, as relevant;
Calculate a(j,t) and priority for p,” s children
If p,is start Url,

Then a(j,t) =m(i)b,;

lj ’
Blsea(j,) = 3 (a(i,0) *a,)bs
Calculate prediction a(j,t +1) = Z (a(i,t) xay);
Calculate the visit priorit ¥, (p) =max a(j,t+1);
For each outlink w,,,; of w, with url (has the same prioprity)
urlQueueEntry ; = priority ( priority, url, C,,a(j,t));

Enqueue (urlQueueEntry) ;
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Research on Focused Crawler Based on HMM
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XIE Zhi-jun ,YANG Wu" ,LI Zhi-ying ,SONG Jing-jing
(1. School of Computer Science and Engineering , Chongqging University of Technology , Chongqing 400054 , China;
2. Information and Education Technology Center,Chongqging University of Technology , Chongqing 400054 , China)

Abstract; Focused crawler is a core component of the vertical search engine, it collected data resources for the
subject-oriented user’s query. This paper proposes an approach for focused crawler based on HMM, it not only
considers the web content,but also analyzes the context of web link structure. Firstly,the observation state represents
the clustering of the current web page,the hidden state represents the link distance from current web page to target
web page,then through the HMM model learning user browsing patterns, more topic webpages are downloaded by
using the model. Experiments show that the focused crawler based on HMM can capture a large number of high
quality web pages related to target topics,and its crawling performs better than Best-First crawler.

Key words: focused crawler; Hidden Markov Model; Vector Space Model; topic correlativity; Vertical

Search Engine
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