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Application of the Neural Networks Using Improved Genetic Algorithm
to the Surface Water Quality Evaluation

ZENG Wen-hua' ,CUI Xia® ,LIU Feng’
(1. Augur Intelligence Technology ( Guangzhou) Co. ,Lid. , Guangzhou 510663, China;
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Abstract: Five indicators were selected as the evaluation factors according to Environmental Quality Standards
for Surface Water,and the learning and training samples were created by uniform distributions random interpolating
within the value of indicators. An improved genetic algorithm was used to optimize the initial weights and threshold
of the BP neural network. The network was adopted to assess the water quality of one entrance of the Yangtze River
and compared with comprehensive index method, the precision of the model was verified. The results showed that
the genetic neural network algorithm was objective and practical and could effectively evaluate the quality of surface
water enviroment and enrich water quality evaluation method and system, and could provide the basis for decision
making for the surface water environmental management.
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